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Abstract

In the traffic volume survey, information on the types of vehicles traveling on the road is provided by
the advanced traffic management system and multi-seater lane enforcement system, heavy vehicle
composition ratio, road capacity analysis, signal control, road design and maintenance, etc. It is basic
information that can be used as various traffic analysis. If there is an emor in this information, various
systems and policies based on it will produce incorrect results. There is a need to automate the research
method that is currently being conducted mainly by manpower. In this study, a traffic volume detection
model using video equipment was developed, allowing classification of a total of six types of passenger
cars, buses (small, large), and cargo (small, medium, large). By labeling more than 200,000 vehicle images
by vehicle type, traffic volume information can be automatically generated. Accuracy was aimed at more
than 95% weekly traffic detection accuracy. The results of Human Counting were interpreted as correct
answers, and the comparison results showed an accuracy of more than 95%, so it is judged that it is
possible to automate the traffic volume survey. Although it is not possible to determine which of the
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model developed in this study and the human counting method is accurate, applying the developed model
will greatly reduce the manpower and cost required for national traffic volume surveys, and diversify the
survey points.
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[Fig. 6] Comparison of traffic analysis results
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