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Early stage stroke diagnosis system based on facial muscle

abnormality analysis for the elderly
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Abstract

The United Nations refers to an aging society if the population aged 65 or older exceeds 7% of the
total population, and refers to an aging society if it exceeds 14%, and classifies it as a super-aged society
if it exceeds 20%. Korea is already classified as an aging society in 2000, and the United States entered
1942 and Japan entered 1970. In 2018, Korean society entered the aged society at a rapid pace from an
aging society, and diseases of the elderly are also increasing social expenditure. In order to reduce these
social costs, various diagnostic technologies are being introduced to prevent cardiovascular disease, which is
more than 40% of the diseases that can occur in the elderly. Among cardiovascular diseases, stroke should
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not miss the golden time within 5 hours of the disease. In other words, there is a desperate need for
Keyword : Stroke, Face Detection, Face Recognition, 4K Camera, The elderly

diagnostic technology that performs the function of notifying patients and guardians of the occurrence of a
disease in the early stages of stroke. To this end, an artificial intelligence stroke early stage analysis

software was developed that can alarm the early stage of stroke with a hit performance of more than 80%

Early stage stroke diagnosis system based on facial muscle abnormality analysis for the elderly
through facial muscle abnormalities analysis of the elderly.
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3.1.4. Personal Lesion Tracking System
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