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Development of Gastric Lesion Detection Algorithm based on Al
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Abstract

Gastric cancer is the most common cancer and has been the number one incidence since 1999 in Korea.
Gastric cancer is primarily judged through endoscopy and has no characteristic symptoms until accurately
diagnosed through biopsy then In fact, a study found that patients who underwent gastroscopy had a 2.24
times higher survival rate than those who did not. to solve these problems, This paper was proposed to
provide real-time ancillary information to clinicians when performing gastroscopy for gastric cancer patients.
In this paper, we propose a method to provide faster and more accurate detection results to clinicians by
improving Faster R-CNN as a model suitable for gastric lesion detection. As a result of comparative
evaluation with existing algorithms, an average accuracy of 91% was derived, proving that the proposed
method is more effective. and, The image processing speed was also proven to be suitable for real-time
processing by deriving 0.lsec/frame. As a future study, we intend to improve the accuracy by improving
the learning data through the collection of endoscopic images in various environments.
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scale aspect ratios

128 2:1
128 1:1
128 1:2
256 2:1
Faster R-CNN 256 1:1
256 1:2
512 2:1
512 1:1
512 1:2

128 1:1.5
128 2:1

Proposed 256 1:1.5
256 2:1

512 1:1.5
512 2:1
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