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Abstract

With the recent rapid growth of domestic and international academic databases, the problem of author
name disambiguation to distinguish between homonyms and synonyms has emerged as an essential task to
improve the accuracy of various information services using academic information. Since existing rule-based
or simple statistical matching methods have limitations in capturing the contextual meaning of language, this
paper proposes a new disambiguation model that precisely measures the fine-grained semantic similarity
between authors by applying contrastive learning based on a pre-trained Korean language model. The
proposed model converts the metadata of papers (author name, affiliation, title, abstract, etc.) into integrated
text features and maps them into a high-dimensional vector space to determine whether they are the same
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author. In addition, the scalability of the system was secured by applying an incremental learning
mechanism that issues new unique IDs to new authors in real time. As a result of the experiment, the
proposed model demonstrated high performance with an accuracy of 0.962, precision of 0.958, recall of
0.962, and an Fl-score of 0.957.

Keyword : Author Name Disambiguation, Researcher Name Disambiguation, Contrastive Learning,
Incremental Learning
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